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import keras
from tensorflow.keras.models import Sequential BT A 75 E A iR—Fk

from tensorflow.keras.layers import Dense, Dropout
from tensorflow.keras.optimizers import Adam

model = Sequential()

model.add(Dense(512, activation="relu', input_shape=(784,))) eSS LRy hT—F 7__\\)[/

model.add(Dropout(0.2)) — . Tl e )
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model.add(Dense(512, activation="relu"))

model.add(Dropout(0.2))
model.add(Dense(nhum_classes, activation="'softmax"))

model.compile(loss='categorical_crossentropy’,
optimizer=Adam(Ir=0.001, beta_1=0.9, beta_2=0.999),
metrics=["accuracy'])

model.summary()
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batch_size =128 N —_
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score = model.evaluate(x_test, y_test, verbose=0) ~
print('Test loss:', score[0]) e X (il
print('Test accuracy:', score[1])
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