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T — X OEE g : https://www.kaggle.com/c/titanic/data

A EFZ Tldtrain.csvxdatacsviC ) F— L LT —2 & T X b T —XICHE]
LE9.

RARZy 7T —XIZIZUTOERIPEENE T,
A+ FIEHRSurvived D DM AT LN F 9,

« PassangerlD: ZEfipEID

« Survived: £7FER (0=, 1 =4£7F)

e Pclass: ¥4 v b Z R (1=1st, 2=2nd  3=3rd)

« Name / Sex / Age: %81/ 5] / FHp

« SibSp / Parch: ML TWA X5 - BiBE / HFDOAK

- Ticket /Fare /Cabin: F¥47 v pt&ES/BE /FvEVES

« Embarked: EfIEFT (C = Cherbourg, Q = Queenstown, S = Southampton)

Python, Jupyter NotebookZ W= T —X & EE L THAEL £ 9.
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import pandas as pd
data_df= pd.read_csv("data/titanic.csv")

data_df

Passengerld Survived Pclass Name Sex Age SibSp Parch Ticket Fare Cabin Embarked
0 1 0 3 Braund, Mr. Owen Harris male 22.0 1 0 A/5 21171 7.2500 NaN S
1 2 1 1 Cumings, Mrs. John Bradley (Florence B'iTghgs female 38.0 1 0 PC 17509  71.2833 c85 c

o . ) STON/O2.

2 3 1 3 Heikkinen, Miss. Laina female 26.0 0 0 3101282 7.9250 NaN S
3 4 1 1 Futrelle, Mrs. Jacques Heath (Lily May Peel) female 35.0 1 0 113803 53.1000 C123 S
4 5 0 3 Allen, Mr. William Henry male 35.0 0 0 373450 8.0500 NaN S
5 6 0 3 Moran, Mr. James male NaN 0 0 330877 8.4583 NaN Q
6 7 0 1 McCarthy, Mr. Timothy J male 54.0 0 0 17463 51.8625 E46 S
7 8 0 3 Palsson, Master. Gosta Leonard male 2.0 3 1 349909 21.0750 NaN S
8 9 1 3 Johnson, Mrs. Oscar W (Elisabeth Vilhelmina female  27.0 0 2 347742 11.1333 NaN s

Berg)

RiEE (NaN) b2 edboh Y £9.
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T— R DEANLGHRAEFZERLET.
data_df.describe()

Passengerld Survived Pclass Age SibSp Parch Fare

count 891.000000 891.000000 891.000000 714.000000 891.000000 891.000000 891.000000
mean  446.000000 0.383838 2.308642 29.699118 0.523008 0.381594  32.204208
std 257.353842 0.486592 0.836071  14.526497 1.102743 0.806057  49.693429
min 1.000000 0.000000 1.000000 0.420000 0.000000 0.000000 0.000000
25%  223.500000 0.000000 2.000000 20.125000 0.000000 0.000000 7.910400
50%  446.000000 0.000000 3.000000 28.000000 0.000000 0.000000 14.454200
75%  668.500000 1.000000 3.000000 38.000000 1.000000 0.000000 31.000000

max 891.000000 1.000000 3.000000  80.000000 8.000000 6.000000 512.329200

count: 7 —XH, mean: FE, std: EERE,
min: &=/JME, max: & K1E,
25%, 50%, 75%: 1/49f0%, (8, 3/4DRIE
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data_df.info()

<class 'pandas.core.frame.DataFrame'>
Rangelndex: 891 entries, O to 890
Data columns (total 12 columns):
Passengerld 891 non-null int64
Survived 891 non-null int64

Pclass 891 non-null int64
Name 891 non-null object
Sex 891 non-null object
Age 714 non-null float64

SibSp 891 non-null int64

Parch 891 non-null int64

Ticket 891 non-null object

Fare 891 non-null float64

Cabin 204 non-null object
Embarked 889 non-null object
dtypes: float64(2), int64(5), object(5)
memory usage: 83.6+ KB

Age, Cabin, Embarkedh%173

WeBet

MR L £,

data_df.isnull().sum()

Passengerld O

Survived 0
Pclass 0
Name 0
Sex 0
Age 177
SibSp 0
Parch 0
Ticket 0
Fare 0
Cabin 687
Embarked 2
dtype: int64

3 isnull().sum() TH RIEEDHERN HERK E T,

TIRELTWET. SHROOHTIE

CabinlZ XIEHHNZ LD THZEIFR L, Cabin, EmbarkediZ DWW TIlERIE

LTWaIT=HIBRL X7

data_df = data_df.drop(["Cabin"],axis=1)

data_df = data_df.dropna(subset=["Age", "Embarked"])

RRKRTF #OE -
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data_df = data_df.drop(["Passengerld", "Name","Ticket"],axis=1)
data_df.dtypes

DR =2 AL F Al

- hT73)?

R % 5

cat_col = ['Sex', 'Pclass’', '"Embarked']
data_df = pd.get_dummies(data_df, columns=cat_col)
data_df.dtypes

RRKRTF #OE -

ML LBEWEISERELEL £ 9.

TR L £9.

SR JOESRE
Survived int64
Pclass int64
Sex object
Age float64
SibSp int64
Parch int64
Fare float64
Embarked object

dtype: object

b R ADE ST

Survnved int64
Age float64
SibSp int64
Parch int64
Fare float64
Sex_female  uint8
Sex_male uint8
Pclass_1 uint8
Pclass_2 uint8
Pclass_3 uint8
Embarked_C  uint8
Embarked_Q  uint8
Embarked_S  uint8

dtype: object

BEWHER R > & — ZKAES 2020 CC BY-NC-SA 8
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dataz8:2ICHBEILENENIET—%, TAT—XELFT,
T — X TCEBA LTAMNT—XTCoRFEEOFTHEA L £,

from sklearn.model_selection import train_test_split
train_df, test_df = train_test_split( data_df, test_size = 0.2, random_state = 0)
print("SET—4% : {}, 7 AT —4%%# : {}'.format(len(train_df), len(test_df)))

AR T—4%: 569, TAMT—4#: 143

X Kaggle TR EINTWATXMNAZ7 74 LIEZ DFHEZKagglelZiXE L T
M TA-ODELEDTHY EBMINILEEGSHKRTTA, TDH, SEOFEET
IR SNIER T — 2 2ERo0IIER T X FAIZHEL i@“.
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TAPT=RIZOWTUE—MRICIIET — X D - 8 CTRA L EE(L 21T
WET GlET X ERFOERZIBRT 270) |

from sklearn.preprocessing import StandardScaler

# numpyDECFIEL TIEZRRYLEH T
X_train = train_df.iloc[:, 1:].values
Y_train = train_df.iloc[:,0].values
X_test = test_df.iloc[:, 1:].values
Y_test = test_df.iloc[:,0].values

sc = StandardScaler()

X_train = sc.fit_transform(X_train)
X_test = sc.transform(X_test)

fit_transformliZz G52 5NT=T —X DF - PEOHE L ZE({E L £ 7.

transform Tl&fit_transform TEHE I N/-F - 2B A BHW-EH#{ A2 52 o1
o7 —RICHLETLET.

BEEA M - EWAEWME LY & — ZREESE 2020 CC BY-NC-SA 10
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from sklearn.linear_model import LogisticRegression
from sklearn.model_selection import GridSearchCV
import numpy as np

params = {"C": np.logspace(0, 4, 5)}

logreg_cv = GridSearchCV(LogisticRegression(), cv=>5, param_grid=params)
logreg_cv.fit(X_train, Y_train)

print("SE& T —F TOHEERBE - {0:.2%}".format(logreg_cv.score(X_train, Y_train)))
print('F AT —& TOHEERBE : {0:.2%}'.format( logreg_cv.score(X_test, Y_test)))

R T—S TOIEEE : 80.14%
TANT =Y TOHEEE : 81.82%

GridSearchCV Tl fit CRERIEN T OILEIINT-TET LA T 7+ /L b
ICERESINTWET,
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from sklearn.metrics import confusion_matrix Confusion matrix

import matplotlib.pyplot as plt 70
cm = confusion_matrix(Y_test,logreg_cv.predict(X_test),labels=[0,1]) 04 %
plt.xticks( [0,1,2], [0,11) ?
plt.yticks( [0,1,2], [0,1]) )
plt.title('Confusion matrix')

plt.xlabel('Predicted labels") 0
plt.ylabel('True labels") 1 "
plt.imshow(cm, cmap=plt.cm.inferno) 0

0 1

plt.colorbar()

True labels

Predicted labels

Jupyter NotebookRICKAFKREN, 777 4 WLiaLR— b Z2{ERHERET.
Notebook TT — X DITHER DT LEBEERAICHEITZIREZEOMEICZLEL £ 9.
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